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Improvement of an attractiveness estimation method of food photos by using gaze information during preference experiments
Akinori Sato, Takatsugu Hirayama (Nagoya University), Keisuke Doman (Chukyo University),
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(a) Hamburg (b) Curry and rice
Fig.1 Examples of food images for each food category. The value below
each image indicates the attractiveness.
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Fig.2. Mean absolute error. “< 7" and “7<” indicate the conditions
which the image features were extracted from the area where the
subjects fixated shorter and longer than T, respectively. “All” means
that the features were extracted from all areas.
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