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A Study on the Detection of Users of White Cane Users focusing on Human Pose
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Fig.1. Process flow of the proposed method
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Fig.2. Process flow of the proposed human body
orientation classification. In the first step, predict left
or right by whether face parts are on the left or right of
the neck. In the second step, predict front or back by
whether the right shoulder is on the left or right of the
left shoulder.
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Table 1 The number of image for each belonging

White White None Total
cane umbrella
14,044 9,723 10,270 34,037
Table 2 Results
Recall Precision | F-measure AUC
Proposal 0.8443 0.8408 0.8425 0.8776
Comparison | 0,8575 0.8109 0.8331 0.8731

Fig.2. Examples of detection results. Green frames
denotes detected white canes. Blue frames denotes
regions where a white cane can exist
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Fig.3. Example of a false detection which reduced by
the proposed method. YOLO!™ detected a background
region as a white cane. However, the proposed
method suppress the false detection because the
detected region is out of the region where a white
cane can exist.
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